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[bookmark: _Toc2]Article summary:
1. The article introduces Robusta, a robust AutoML framework based on reinforcement learning (RL), for feature selection in machine learning models.
2. Robusta aims to select features that not only improve the accuracy of ML systems but also enhance their robustness against adversarial attacks.
3. The proposed framework demonstrates significant improvements in model robustness, up to 22%, while maintaining competitive accuracy compared to other feature selection methods.
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Appears moderately imbalanced: The article provides some useful information, but is missing several important points or pieces of evidence that would be required to present the discussed topics in a balanced and reliable way. You are encouraged to seek a more balanced perspective on the presented issues by exploring the provided research topics and looking at different information sources.
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The article titled "Robusta: Robust AutoML for Feature Selection via Reinforcement Learning" proposes a robust AutoML framework called Robusta that focuses on improving the robustness of machine learning (ML) systems under adversarial attacks. The authors claim that existing AutoML approaches only prioritize learning accuracy and ignore the importance of robustness in mission-critical applications.

One potential bias in this article is the lack of discussion on the limitations and challenges of reinforcement learning (RL) in feature selection. While RL has been successful in various domains, it may not be suitable for all scenarios. The authors do not address potential issues such as high computational complexity, scalability, and generalization to different datasets. This omission could lead to an overestimation of the effectiveness of their proposed framework.

The article claims that a variation of the 0-1 robust loss can be directly optimized through RL-based combinatorial search in the feature selection scenario. However, there is no detailed explanation or evidence provided to support this claim. The authors should have included a thorough description of how RL is applied to feature selection and why it is effective in improving both accuracy and robustness.

Another concern is the reliance on heuristics for accelerating the search procedure based on feature scoring metrics. While these heuristics may provide some insights into feature importance, they are not necessarily comprehensive or optimal. The authors should have discussed potential limitations and biases associated with these heuristics, as well as alternative approaches for feature scoring.

The article mentions conducting extensive experiments but does not provide sufficient details about the experimental setup or methodology. It would be helpful to include information about the datasets used, evaluation metrics employed, and comparison with other state-of-the-art feature selection methods. Without this information, it is difficult to assess the validity and reliability of their experimental results.

Additionally, there is a lack of exploration of counterarguments or alternative perspectives. The authors present their framework as the first robust AutoML approach, but they do not discuss any potential drawbacks or limitations compared to existing methods. A more balanced analysis would have included a discussion of the trade-offs and challenges associated with their proposed framework.

Overall, the article suffers from a lack of clarity in explaining the proposed framework and its underlying mechanisms. It also lacks comprehensive experimental evidence and fails to address potential biases or limitations. To improve the credibility of their work, the authors should provide more detailed explanations, rigorous experimental evaluations, and a balanced discussion of alternative approaches.
[bookmark: _Toc5]Topics for further research:
· Limitations of reinforcement learning in feature selection

· Computational complexity of reinforcement learning in feature selection

· Scalability of reinforcement learning in feature selection

· Generalization of reinforcement learning in feature selection to different datasets

· Critiques of heuristics for feature scoring in AutoML

· Comparison of Robusta with other state-of-the-art feature selection methods
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